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The Net Promoter Score: What Should Managers Know?   

 

 

Abstract 

 

The Net Promoter Score is a popular management tool that is used in a variety of ways by firms, 

not-for-profits, and government.  This study firstly provides an overview of the various ways in 

which the NPS is used.  It then canvasses four concerns raised by researchers, authors and 

commentators about the NPS.  These relate to (1) its presumed link to business growth, (2) the 

assumption that low NPS scores indicate negative word of mouth, (3) the weak association 

between stated likelihood to recommend and actual recommending, and (4) the claim that NPS is 

a superior metric to customer satisfaction.  The evidence pertaining to those concerns is 

examined.  The study then discusses another problem with the NPS that many practitioners are 

aware of, but has not been studied.  The problem is that the counting method used to calculate 

the NPS introduces additional variation in scores compared to mean average likelihood-to-

recommend scores.  This additional variation occurs both across brands in a study, as well as for 

the same brand over survey waves.  This variation is likely to be difficult for market research 

providers, or those who commission NPS work, to explain.  The study concludes with alternative 

courses of action for NPS users.   

 

Keywords: Net Promoter, Customer Satisfaction, Surveys.   
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The Net Promoter Score: What Should Managers Know?   

 

 

Introduction 

 

The Net Promoter Score (NPS) is widely used, generally as a word-of-mouth indicator or as a 

proxy for customer satisfaction.  Thousands of businesses and brands use the metric (Colvin 

2020), aided by survey providers and consultants.  However, the NPS has received considerable 

criticism.  The aim of this paper is to firstly, provide an overview of how the NPS is used in 

industry, then to discuss and critique a range of viewpoints on the NPS.  The paper also identifies 

a previously undocumented shortcoming of the NPS, namely that the counting method to derive 

‘Net’ scores (i.e. ‘promoters minus ‘detractors’) increases the variation in scores between brands, 

and from survey to survey for the same brand.   

 

The uses of the NPS 

As a ‘headline’ performance metric 

Businesses use the NPS in a variety of ways.  First, it is used as a headline-level performance 

metric to complement financial results.  For example, the US airline Jet Blue began reporting the 

NPS in its annual reports in 2008 (Jet Blue 2008), along with scores for staff confidence in 

management, customer complaints and departure times.  Another US airline, Southwest, began 

tracking NPS in approximately 2014 and included it in annual reports alongside non-financial 

metrics such as safety performance from 2015 (Southwest Airlines 2015).  Top management 

bonuses in these corporations were linked to performance on NPS and those other metrics.  In 

other countries such as the UK, for example, several of the largest banks have also commenced 

reporting NPS in annual reports.  Barclays started reporting NPS in 2013, however, only reports 

its ranking relative to peers, not the actual score (Barclays 2013).  A similar approach is taken by 
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HSBC (HSBC Holdings plc 2022).  Natwest (2021) reported NPS scores in its annual report for 

2020 - including the fact they had declined over several years.  Overall, companies such as these 

appear to have included the NPS in their annual reports to (a) signal to stakeholders the business 

is committed to being customer-oriented, (b) to show that the company enjoys positive sentiment 

among customers, or has a plan to improve that sentiment; and (c) demonstrate its performance 

or improvement in a customer-based metric, often as part of a managerial bonus plan.   

 

Frontline staff monitoring 

Another use of the NPS by business is as a tool to monitor and motivate frontline staff 

performance.  For example, customers of a business are invited to complete an NPS survey, often 

following a service encounter.  Research providers refer to this as transactional NPS (Owen & 

Brooks 2008) and distinguish it from long-term or relationship NPS.   

 

It is common practice to issue these transactional survey invitations via email, text or a mobile 

app, with the potential benefit of quick feedback (Alismail et al. 2020).  This feedback can allow 

timely management intervention if results depart from the firm’s service standards.  The rationale 

is that quick remediation of customer problems, and the origin of those problems, should 

improve customer sentiment.  Moreover, if frontline staff know their customers will be surveyed, 

they have an incentive to perform well.  In addition, giving frontline staff an easily understood 

metric that is relevant to their job is said to be motivating (Seifert & Yukl 2010).   
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As a component of customer management systems  

NPS results (along with related customer service metrics) are input into reporting systems, so 

that managers can track performance at frequent intervals or even in real-time along with other 

metrics such as the proportion of customer problems resolved in one contact.  Moreover, NPS 

scores can be split out by product, staff member or team, and by touchpoint, along with the 

reasons for high or low scores (Qualtrics 2022).  Therefore, NPS has evolved from a survey 

question to be a lead component in customer management systems.  In relation to using NPS in 

routinised surveys relating to the performance of frontline staff, some commentators express 

concern they can result in staff “begging for good scores” (e.g. Ramshaw 2014).  Of course, this 

problem is not unique to NPS, it can also occur for satisfaction or other types of customer 

experience surveys.   

 

Related to the use of NPS as a management metric is the arguably dramatic nature of NPS 

scores.  The NPS ranges from -100 to 100, while satisfaction scores are often reported as mean 

scores out of 7 or 10, or as the proportion of ‘satisfied / highly satisfied’ which is typically a 

figure of 50% or more.  However, NPS scores can be far lower, and can therefore be attention-

grabbing.  Owen (2019) illustrates this facet of the NPS with an anecdote: “Everyone in the 

management meeting wakes up when they are told they scored 10 out of a possible 100” (p.58).  

Therefore, a reason to adopt or use NPS appears to be that it can produce scores that are 

provocative for the business, therefore more likely to get managerial attention and prompt 

behaviour change in organisations.  Related to this point is that the NPS is seen as presenting a 

balance between positive and negative (promoters, minus detractors) that is more striking than 
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using mean average scores.  However, as we shall see, the attention-getting nature of the NPS 

comes at the cost of high variation in scores.  

 

NPS is also used in reporting systems to try to diagnose what aspects of a firm’s operations 

‘drive’ positive or negative likelihood to recommend.  As has been the case for many years with 

customer satisfaction research, firms attempt to model the reasons for high or low scores using 

variables such as staff knowledge, staff attitudes, time taken to resolve problems, or 

communications from the provider (e.g. Ho 2018).  The rationale is to help managers know what 

aspects of the product or service are most important to obtaining high NPS scores (or avoiding 

low scores).   

 

As an indicator of advocacy, satisfaction, and loyalty.  

The NPS question asks about recommendation, but NPS scores are used to indicate other related 

outcomes for firms, such as satisfaction.  To start off with, though, NPS scores are certainly used 

to indicate the level of advocacy for a firm, in line with Reichheld’s prescription (Reichheld 

2003).  For example, the largest UK retail bank Barclays noted in its 2013 annual report,  

“[NPS reflects] our objective of moving from satisfied customers to customers who are 

strong advocates of our business” (Barclays 2013).  

Similarly, adidas management stated  

“NPS has become an important part of the adidas brand’s advocacy program … 

understand … key drivers which motivate them [buyers] to recommend the brand to their 

friends (adidas 2019).  
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The act of advocacy, or willingness to engage in it, is widely interpreted as a facet of customer 

loyalty.  Indeed, Reichheld (2003) said that referrals were “the strongest sign of customer 

loyalty” (p. 48).  As an example of this interpretation by firms, Jet Blue stated  

 

“NPS is a non-financial measure that assesses brand loyalty based on a customer’s 

subjective survey responses to a customer experience” (Jet Blue 2015 p. 42).  

 

It is problematic to interpret two concepts, such as loyalty and recommendation, from the same 

measure.  We cannot assume a customer is loyal from their recommendation score, or that they 

will recommend given their level of loyalty.  For instance, a low NPS score does not necessarily 

indicate low loyalty in terms of repeat business or tenure.  A client of a firm might choose not to 

recommend it, even though they are otherwise highly loyal, because the client might consider the 

firm’s services are not appropriate for friends or colleagues.  Similarly, a client might only have 

just commenced dealing with a firm, therefore could not be thought of as necessarily loyal in the 

behavioral sense.  However, they could give a high likelihood to recommend because they are, so 

far, very pleased with the provider.  Lastly, loyalty is influenced by factors such as switching 

costs (Jones et al. 2002) whereas recommendation is not.  Therefore, firms should distinguish 

between NPS scores, and metrics more specifically developed for customer loyalty (Farris et al. 

2016) such as share of requirements and tenure.   

 

Next, while Reichheld (2003) described the NPS as a distinct and superior metric to customer 

satisfaction, many organisations use NPS as an indicator or proxy for satisfaction.  In the UK, 
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satisfaction levels with banks are publicly reported by a government agency, yet respondents are 

actually asked the Net Promoter question (Competition and Markets Authority 2020).  Another 

example from the UK is health care.  In response to an enquiry that identified poor standards of 

care, the government introduced patient satisfaction surveys (Department of Health and Social 

Care 2012).  However, as was the case with banks, the question asked pertains to 

recommendation, not satisfaction, and uses the NPS scoring method (NHS 2020).  Other 

examples of the NPS in healthcare are discussed in Stirling and Jenkins (2019) and Hamilton et 

al (2014).  Despite its use in healthcare, critics note that the NPS question suffers shortcomings 

in such settings.  One is that many medical patients have limited choice, therefore the concept of 

providing recommendations about a particular provider to another person could be confusing 

(Customer Faithful 2022).  Adams et al (2022) found in a systematic review that there were 

several conditions that made the NPS less useful in healthcare, including score variation across 

different medical procedures and age groups.   

 

Benchmarking  

Several companies provide NPS benchmarks to allow one to compare their own NPS 

performance to competitors in their industry.  For example, one major provider publishes 

excerpts of its own NPS tracking to show top performing firms in sectors such as banking, 

airlines, insurance and retail.  Detailed results are made available for a fee.  An important 

rationale for benchmarking is that NPS scores do appear to systematically differ across industry 

sectors.  For example, US department stores score on average 62 on the NPS, hotels 40, and 

health insurance providers only 13 (Satmetrix 2018).  Therefore, benchmarking NPS may help 



 9 

companies understand what level of scores are realistic or achievable in their industry, as well as 

to set informed targets for improvement.   

 

Modelling future behavior 

Some firms monitor the future behavior of customers based on their stated NPS score.  For 

example, AirBnB surveys customers to obtain feedback on factors such as property cleanliness 

and accuracy of property description.  It added the NPS in 2013 (Qian 2015).  The goal was to 

determine if NPS added further insight into customers’ likelihood of re-booking.  Interestingly, it 

found “higher NPS does in general correspond to more referrals and re-bookings. But we find that 

controlling for other factors, it does not significantly improve our ability to predict if a guest will 

book on Airbnb again in the next year” (2015, no page number).  In terms of actual referral 

behavior, the study found people who gave a high NPS score had a slightly higher rate of actually 

referring: promoters did so at a rate only 4% higher than detractors.  AirBnB’s experience was 

also noteworthy in that it found the conventional approach of classifying customers as either 

promoters or detractors was sub-optimal.  It concluded that combining the 9 and 10 scores 

together (the ‘promoter’ classification as per Reichheld) resulted in information loss (Qian 

2015), and that greater insight was gained from preserving the original scores rather than 

aggregating.  This result mirrors prior criticism of the NPS counting method (e.g. Grisaffe 2007).   

 

AirBnB provides an example of endeavoring to link respondent’s NPS to their future behavior.  

Relatedly, some industry providers suggest that NPS can be used to identify at-risk customers, 

meaning that their NPS will provide an indication of their likelihood of defecting (e.g. Perceptive 

2022).  Customers who give low NPS scores can therefore be the subject of interventions such as 
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apologies, remediation, or incentives to keep their business with the firm.  That said, there are 

alternative questions more specifically designed to measure the probability of customer 

defection, such as the Juster Scale or the related Verbal Probability Scale (Parackal & Brennan 

1998; Hoek & Gendall 2010).   

 

As a mindset metric? 

Baehre and co-authors (Baehre et al. 2022; Baehre et al. 2021) report that the NPS can be used 

as a ‘mindset’ metric, in other words, can be used to ascertain sentiment towards a brand among 

non-customers as well as customers.  However, the principal commercial survey providers that 

offer NPS still emphasise that NPS is primarily a mechanism to obtain feedback from customers, 

not from non-customers.  Researchers should be cautious of asking non-customers their 

likelihood to recommend a brand.  The reason is because if respondents are not familiar with the 

brand, they will probably give it a low score, not because they have negative sentiment about it, 

but because they do not feel informed enough about the brand to recommend it.  One could 

incorrectly conclude the brand has many ‘detractors,’ but the results could merely reflect low 

brand awareness.   

 

In summary, the NPS is used in a wide variety of ways.  It is used as a corporate Key 

Performance Indicator and as a signal to stakeholders that the firm takes customer sentiment 

seriously.  It is also a component of managerial dashboards, is interpreted as a metric not only for 

advocacy but also satisfaction and loyalty.  The NPS is used to manage or motivate service staff, 

and some firms use the metric in attempts to estimate individual customer’s future behavior.  It is 
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used by businesses and government, and in diverse settings including education (Kara et al. 

2022) and healthcare.  We now discuss a series of criticisms levelled at the NPS.   

 

 

Criticisms of the NPS 

NPS linked to revenue growth? 

NPS was introduced and promoted by Reichheld (2003) as ‘the one number you need to grow’.  

That is, achieving high NPS scores will underpin future business growth.  However, examples 

used to support this claim often show that the growth occurred before, or partly before the high 

NPS, not afterwards.  Keiningham et al (2007b) cites a study by the Listening Company (the 

study itself is no longer publicly available) that reported NPS was positively correlated with firm 

growth, but the growth figures were for the period preceding the NPS scores, not after them.  

Keiningham et al (2007b) also note that Reichheld’s 2003 work, and a Satmetrix report in 2004 

in support of the NPS, used past growth figures, concluding “This means that Net Promoter was 

tied to past growth rates (as opposed to future growth rates)” (p. 42).  They also examined the 

NPS’ correlation to business growth compared to customer satisfaction and found it was not a 

superior measure to satisfaction.  Pingitore, Morgan, Rego, Gigliotti and Meyers (2007) analysed 

NPS against revenue growth for rental cars and airlines, but their revenue figures also preceded 

the NPS.   

 

Many other studies have examined how NPS scores relate to revenue growth, with mixed results.  

Morgan and Rego (2006) used an NPS-like metric based on word of mouth and complaints, and 

found it did not correlate positively with sales growth figures derived from COMPUSTAT (a 

large-scale database of financial information for US firms).  Keiningham, Cooil, Andreasen and 
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Aksoy (2007b) examined the link between NPS and revenue across five industries.  The overall 

average correlation from the study is r=0.15, which is considered weak by social science 

standards (Cohen & Cohen 1983).  Soon after the Keiningham et al study, a book by Owen and 

Brooks (2008) reported much higher correlations between NPS and subsequent revenue growth 

in two industries.  The authors were associated with Satmetrix, which has NPS data for dozens of 

industries, therefore the rationale for showing only two is unclear.  A broader study by Sauro 

(2018, 2019) reported an average correlation of approximately 0.60 between NPS and revenue 

growth over a subsequent two years, across multiple industries.  At face value these two studies 

do support Reichheld’s claim that NPS is related to future growth.  It is, however, possible that 

revenue growth (or decline) for firms tends to persist over time, that is, high growth in one year 

may mean a firm is more likely to grow again the next year, or that decline in one year means it 

is more likely that the next year will be similar.  There is some evidence that firm growth does 

follow such a pattern (Coad et al. 2018 p. 67; Chandra & Ro 2008).  Therefore, it could be the 

case that high current growth is associated with high current NPS scores, and then an element of 

persistence in revenue growth makes it appear that the NPS score ‘drives’ future growth.  

Consistent with this idea is a finding by Mecredy, Wright and Feetham (2018) that examined 

NPS and growth in a B2B context in New Zealand.  They found that the NPS positively 

correlated with past, present and future revenue.   

 

At a similar time to the Mecredy et al study, Fiserova, Pugh, Dimos and Stephenson (2018) 

found evidence that NPS scores were positively associated with sales growth among the 

branches of a UK furniture retailer.  This study is more supportive of a positive NPS-revenue 

link.  However, several other studies present negative evidence.  Zaki et al (2016) analyzed a 



 13 

large B2B firm’s clientele and found NPS performed very poorly at predicting clients who would 

be loyal or not in a future year.  Korneta (2018) in a study of Polish B2B firms found a positive 

link between NPS and profit, but not between NPS and revenue growth.  Another study, by 

Farooq et al (2019) found a negative association between NPS and growth in three of four 

Pakistan telecommunications firms.  Jahnert & Schmeiser (2021) found a positive association 

between NPS scores and the profitability of insurers, but not between NPS and revenue growth, 

which is the main claim made by Reichheld.   

 

The final study reported on here concluded that NPS scores predicted sales one quarter into the 

future (Baehre et al. 2021) for athletic wear in the US.  This study is notable in that it used NPS 

data obtained from both brand buyers and non-buyers.  It seems logical that non-buyers would 

only give a high recommendation score for brands they are aware of.  Therefore, the link 

between NPS and sales in this study could reflect an effect of brand awareness or familiarity 

rather than recommendation.  To summarise this section, there is mixed evidence pertaining to 

the link between NPS and future revenue growth.   

 

Low NPS scores and negative word of mouth? 

According to Reichheld, respondents who give low likelihood to recommend scores will give the 

brand negative word of mouth and harm its growth prospects.  Indeed, respondents who score 

between 0 and 6 on the likelihood to recommend scale are labelled as ‘detractors’.  However, 

low likelihood to recommend is not the same thing as giving negative word of mouth (East 

2008).  A consumer may give a low likelihood to recommend score because they do not think 

friends or colleagues would be interested in hearing a recommendation.  For example, a 
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consumer might buy a new vacuum cleaner, be quite satisfied with it, but correctly say they are 

not likely to recommend it to other people because (a) the topic of vacuum cleaners is unlikely to 

be a conversation topic; and relatedly (b) the consumer does not know of friends or colleagues 

who, at present would be interested in hearing a recommendation about such a product.  In the 

non-profit sector, Schulman and Sergeant (2013) point out that charity donors are very unlikely 

to say they will recommend that charity, but it is because they simply do not wish to discuss their 

donation behavior with others.  Seth et al (2016) reported that Asian respondents, even if they are 

highly satisfied with a provider, tend to give low NPS scores.  The reason is that they fear their 

friendships or reputation might be damaged by recommending a provider that does not provide 

satisfactory service.  Romaniuk, Nguyen and East (2011) found that 95% of those who said they 

would not recommend indeed did not; but also found they did not give negative word of mouth.  

Therefore, these three studies suggest low scores reflect a low probability of giving positive 

word of mouth, not a high probability of giving negative word of mouth.  Further evidence on 

the usefulness of the NPS question in measuring negative word of mouth comes from Schneider 

et al (2008) who conducted a series of experiments using different types of questions pertaining 

to recommendation.  The study found that variation in negative word of mouth (past and current, 

not future) was far better explained by a question specifically asking about likelihood of giving a 

negative recommendation, compared to the NPS question.  Overall, therefore, there is evidence 

that a low likelihood to recommend, or a low NPS score, does not necessarily equate to negative 

word of mouth.   

Stated likelihood to recommend is not actual recommendation behavior 

NPS is a measure of stated likelihood to recommend, not actual recommendation.  The reason for 

asking respondents about their likelihood to recommend is that it allows marketers to ascertain 
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the effect of current customer experience on future recommendation.  The basic premise is that 

pleased customers will say they are more likely to recommend, displeased customers will say 

they are unlikely to do so.  In theory, questions relating to respondent’s future likelihood of 

certain behavior can produce quite accurate aggregate-level estimates.  For example, Juster 

developed a zero-to-ten purchase likelihood scale that has been used to estimate brand 

penetration (Nenycz-Thiel et al. 2013) with reasonable accuracy, as well as demand for various 

product categories and brands (Wright et al. 2002).  However, the NPS arguably suffers from a 

tendency by respondents to over-estimate their likelihood of recommending.  This is because 

they may fail to take account of the rather low chance they will engage in a conversation about 

their providers of goods and services to friends and colleagues.  Rather, NPS responses may 

reflect that respondents imagine their likelihood of recommending if they were engaging in such 

a conversation.  

  

In terms of empirical evidence, Keiningham (2007a) did find reasonably strong associations 

between likelihood to recommend and later recommendations of approximately r=0.40.  

However, other variables such as simple brand preference performed approximately as well 

(refer Table 3 in that study).  Another study, that followed up NPS survey respondents, found 

that most people who gave high likelihood to recommend scores did not later recommend 

(Kumar et al. 2007).  Third, as mentioned earlier, AirBnB did find a higher level of referral 

among those who have very high NPS scores, but only 4% higher than those who gave very low 

scores.  More evidence is needed to verify the extent to which stated likelihood to recommend 

does translate into future recommendations.   
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NPS is promoted as a superior measure to customer satisfaction  

The original work on NPS stated clearly that it was a superior metric to customer satisfaction in 

predicting business growth.  One of the bases of this claim was that many apparently satisfied 

customers defect (e.g. Reichheld 1996, 2003).  That observation, however, preceded work that 

showed a very large proportion of supposed defectors do not defect from a business, rather, their 

loss is primarily due to unavoidable changes (Bogomolova & Romaniuk 2009).  While 

likelihood to recommend is a different concept to customer satisfaction, firms’ NPS scores or 

likelihood-to-recommend scores are generally highly correlated with satisfaction.  Keiningham et 

al (2007b) found remarkable similarity between NPS scores and ACSI (American Customer 

Satisfaction Index) scores.  Van Doorn, Leeflang and Tijs (2013) reported the correlation 

between firm’s NPS and customer satisfaction scores was r=0.92 (refer Appendix A of that 

study).  At the level of individual respondents, the correlation between NPS scores and 

satisfaction scores is generally also high: Hosany and Martin (2012) reported a correlation of 

r=0.80, De Haan et al (2015) r=0.34; Da Silva Santos (2019) r=0.82, and Devlin (2020) reported 

an r of 0.69.  A reason why NPS (or likelihood to recommend) often correlates highly with 

satisfaction is probably because most word of mouth about a brand comes from brand users (East 

et al. 2007) and most brand users are quite satisfied (Peterson & Wilson 1992; Dawes et al. 

2020).  This high correlation could indicate that NPS provides little information over and above 

what satisfaction scores do.  It therefore seems difficult see how NPS could be a markedly 

superior metric to satisfaction when the two metrics are usually highly correlated.  It is also 

noteworthy that in a study conducted to determine which of a series of metrics explained the 

variation in actual past and current recommendation behavior, liking outperformed likelihood to 

recommend (Schneider et al. 2008).  Therefore, a reasonable conclusion is that NPS functions 
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more as a proxy for customer satisfaction or possibly an overall favorable attitude to a firm or 

brand, rather than a loyalty measure or an actual word of mouth measure.   

 

 

Despite these shortcomings, businesses still use the NPS.  It is a simple metric, which has been 

heavily promoted.  But are there other issues with it than the ones discussed above?  This study 

identifies another, as-yet undocumented problem specifically with the counting method used to 

derive the NPS.  The problem is that by subtracting low scores from high scores, the NPS 

method induces significant unwanted volatility in wave-to-wave results.  In the next section we 

show a simple example of this effect from a brand survey.  We then expand the explanation 

using a hypothetical set of likelihood to recommend scores, then run a simulation study that 

shows NPS scores fluctuate five times more than what occurs for a simple average of zero-to-ten 

likelihood to scores.   

 

The NPS method – and the score variation problem 

NPS scores are first obtained by asking about likelihood to recommend on a zero to ten scale.  

Scores of 7 and 8 are discarded on the basis that they represent ‘passive’ customers, however, at 

face value 7 or 8 out of 10 is a positive score, and indeed Lewis and Mehmet (2020) found scores 

of 7 and 8 reflected positive customer sentiment.  Next, the 0-6 scores are deducted from the 9 

and 10 scores.  The 9 and 10 scores are combined, as are the 0-6 scores.  However, the original 

scores out of 10 have information value.  A score of 10 is different to a score of 9, therefore 

combining them results in information loss.  Moreover, a score of 6 is far better than a score of 1, 

2, or 3.  But the NPS discards this fine-grained information by aggregating all high scores into 

one group, and all low scores into another group.   
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Another aspect of subtracting the 0-6 scores from the 9-10 scores is that small differences in the 

original likelihood to recommend score are inflated into much larger differences in the NPS.  In 

other words, the NPS double-penalises low scores1.  To illustrate, suppose we have 10 responses 

to an NPS survey.  Of course, one would not survey ten respondents, this example is merely to 

illustrate a point.  The scores are 10,9,8,8,8,7,6,5,4,4.  The average score is 6.9 out of 10.  Now 

let us calculate the NPS.  We have two scores of nine and above (20% of scores).  We have four 

scores of six and below – remember that even six out of ten is a negative score according to 

Reichheld (2003).  This means 40% of the scores are negative.  Therefore, the NPS is (20% 

positive – 40% negative) = minus 20.  This is 40% of the highest possible score since the NPS 

ranges from -100 to 100.  It is therefore very low in comparison to the mean score (6.9/10), 

which is nearly 70% of the highest possible score.   

 

Next, suppose we make one minor change, namely we alter the one score of 9/10, and make it 

8/10 instead.  This makes little difference to the average (now 6.8) but now, because we only 

have one score above 9, the NPS dramatically plunges to -30!  A small 0.1 decimal point change 

in the average has translated to a 10-point drop in the NPS.  Such a large drop in NPS seems 

quite serious.  But here, it has co-incided with a very small change in the average score.  This 

issue can be illustrated further with real data from an NPS survey conducted in the US on 

financial services brands.  The sample comprised business respondents with responsibility for 

 
1 Sauro (2015) comments that the confidence intervals for NPS scores are often twice as wide as those of average 

likelihood to recommend scores, depending on the specific proportions of ‘promoters’ and ‘detractors’.  Similar 

points were made by Kristensen and Eskildsen (2011), Eskildsen & Kristensen (2011) and Rocks (2016).  Wide 

confidence intervals is a related, but different point to the issue raised here, which is simply that NPS scores induce 

more variation across brands or across surveys compared to the original likelihood to recommend scores upon which 

they are based.  Fraser (2017) provides instructions on how to calculate the NPS confidence interval, and notes that 

NPS requires much larger sample sizes to obtain accurate results compared to alternatives.  
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commercial banking decisions.  The survey was conducted via telephone.  The names of the 

brands are masked for commercial confidentiality. The NPS score, as well as the mean likelihood 

to recommend score were reported.  The results are shown in Table 1.   

 

Table 1 NPS scores compared to average likelihood to recommend scores.  

Financial Services 

Brands (US) 

NPS score Mean Average 

likelihood to 

recommend score /10 

Brand 1 55 8.7 

Brand 2 47 8.5 

Brand 3 40 8.4 

Brand 4 42 8.4 

Brand 5 47 8.4 

Brand 6 34 8.3 

 

As we see in Table 1, the brands do vary considerably in their NPS scores, with a twenty-one 

point difference between the highest and lowest score (55 v 34) or in proportional terms, a 38% 

lower score for brand 6 compared to brand 1.  This low score would arguably be concerning for 

brand 6’s management.  However, when we examine the average likelihood to recommend 

scores, the difference between brand 6 and brand 1 is very small: 0.4 scale points, or in 

proportional terms 5%.  This inflated difference in the NPS score is due to minor differences in 

the proportion of 9-10 scores and 0-6 scores between the brands.   

 

These examples highlight a problem with the NPS scoring system in that it appears to induce 

heightened variation in scores.  To investigate further, we ran a simulation to see how much 

more period-to-period variation the NPS creates, compared to simply using an average likelihood 

to recommend score out of ten.  Our simulation comprised a population with an average 

likelihood to recommend score of 8.0 out of 10.  We used this figure based on an overall average 
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score over multiple studies.  The figure is also consistent with the fact that average satisfaction 

scores for businesses are usually quite positive (Peterson & Wilson 1992); and as stated, 

satisfaction and recommendation scores are highly correlated.  The population scores for 

individual ‘respondents’ in the simulation had a distribution, or spread closely matching real 

scores that we obtained from our own likelihood to recommend surveys.  The distribution of 

scores is shown in Figure 1.   

 

Figure 1. Distribution of Likelihood to Recommend scores 

 

 

 

We checked if the shape, or spread of the scores in our simulated population made any difference 

to the results.  We tested different distributions such as a truncated normal distribution, and the 

results did not materially alter.  We also tested different average likelihood to recommend scores, 

these did not change the results either.   
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Also note that the population likelihood-to-recommend score stayed the same over the 

simulation.  We took randomly selected samples of this population, using sample sizes of 200 

each time.  We repeated this process ten times, noting the average likelihood-to-recommend 

score each time.  In effect, this approach is just like doing ten waves of marketplace surveys 

where the population likelihood to recommend is stable.  While the ‘sample size’ is small, it is 

the comparison of variation between the mean score and the NPS that is of interest, and this 

comparison is not contingent on sample size.   

 

The sample scores we obtained are, of course, not always exactly 8.0 because of random 

sampling variation.  We calculated the mean average score for each sample, or ‘wave’, and 

calculated the NPS each time.  To compare the volatility of the NPS compared to the average 

likelihood to recommend score, we calculated the average percentage change in scores from 

wave to wave, (for example, (wave 2 score – wave 1 score) / wave 1 score * 100) for both the 

metrics.  This metric summarises the wave-to-wave variation in both metrics, controlling for the 

fact one has a mean of 8.0 and one has a mean just under 50.   

 

The results are shown in Figures 2 and 3 as well as in a numerical table.  To make the graphs 

comparable, we set the range of the Y axis to be plus or minus 20% of the population mean score 

in both cases.   

 

The likelihood to recommend scores, as per Figure 2, vary from wave to wave by approximately 

0.2 of a scale point.  They are between around 7.9 out of 10 to 8.2 out of 10.  In contrast, the 
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NPS as seen in Figure 3 fluctuate considerably more, ranging from 53 down to 42.  It is 

noteworthy that in some cases the exact same mean likelihood to recommend score of say, 8.0 

translates into different NPS scores of 51 and 47!  Plainly this must be undesirable from a 

measurement viewpoint.  The reason for this score fluctuation is that slight differences in the 

total number of 9 or 10 scores, or zero to six scores, dramatically change the NPS score.   

 

Figures 2 and 3 Comparing average likelihood to recommend scores, to NPS 

 

 

The variation in NPS is far greater than it is for average likelihood to recommend scores 

 

 

Table 2. Comparing NPS to average likelihood to recommend scores 

 

Wave: 1 2 3 4 5 6 7 8 9 10 Average % wave-to-

wave change 

Average 

likelihood to 

recommend 

score 8.1 8.0 7.9 8.2 8.0 8.1 8.1 7.9 8.1 8.2 2% 

Corresponding 

Net Promoter 

Score from the 

same wave 51 51 42 51 47 53 44 49 51 53 10% 

 

 

In the rightmost column in Table 1 we see that the NPS shows five times as much random 

variation (10% vs 2%) from wave to wave compared to a simple average likelihood to 

recommend score.  This demonstrates that businesses using the Net Promoter Score will likely be 
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facing heightened variation in scores from wave to wave.  Such variation will make it more 

difficult for market research providers or insights managers to explain what is going on with the 

NPS results, or to identify if they are meaningfully related to marketing interventions designed to 

boost the business’s NPS level.  NPS clients should request (a) mean likelihood to recommend 

scores as well as the NPS score, to determine if changes in the NPS are reflected in any change 

in the former, (b) percentage of ‘promoters’ and ‘detractors’ to help unpick reasons for change, 

as well as (c) the confidence interval for the NPS score, which will help communicate to the 

business that the NPS tool has a very wide margin of error.   

 

Summary 

This study outlined the various uses of the NPS in industry.  It then identified a series of 

criticisms of the NPS, and evaluated the evidence pertaining to them.  That review concluded (1) 

there is mixed evidence concerning the presumed link between NPS and firm growth; (2) 

evidence suggests low NPS scores do not necessarily have the outcome of negative word of 

mouth; (3) more evidence is needed relating to how NPS scores translate into actual 

recommendation behavior; and (4) NPS does not appear to be a superior metric to satisfaction in 

predicting business growth, in fact evidence suggests NPS functions more as a proxy of customer 

satisfaction than being an indicator of loyalty or word of mouth.  

 

The NPS arguably has a managerial appeal that the scores, since they can be low or even 

negative, provide significant motivation for managers to improve them.  However, balancing this 

benefit is a disadvantage is that the counting method to produce them produces large differences 

between brands, and also increases the survey-to-survey score variation for a given brand.  This 
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variation could mean that managers might falsely perceive their firm is performing far better, or 

far worse than competitors when a large part of that apparent performance difference is driven 

simply by the fact that NPS ‘double penalises’ low scores.  The same set of firms may differ 

from each other far less if the average likelihood to recommend score is used instead of the NPS.  

The heightened NPS variation will also make it more difficult for a firm to understand the 

reasons or ‘drivers’ of its NPS.   

 

Next, the NPS is based on asking respondents about their likelihood to recommend.  

Unfortunately, the evidence to date between likelihood to recommend and actual 

recommendation is mixed.  If a business believes that recommendation is important, an 

alternative is to measure actual recommendations, both given and received by respondents, rather 

that stated likelihood to recommend.  While actual recommendation is more sector-specific, 

being linked to purchase cycles and product interest, it is potentially far more informative in this 

regard than NPS.   

 

NPS is also used to ascertain customer satisfaction.  However, if a business wants to measure 

customer satisfaction, it should use questions that specifically ask about satisfaction, not use the 

proxy of likelihood to recommend.  Lastly, if a business is already paying to track customer 

satisfaction, the high correlation between satisfaction and NPS means the former is already 

providing most of the information the business would obtain from doing NPS research.  While 

many market researchers are mandated by senior managers to use the NPS, they and the 

executives who make decisions on key metrics should know that tracking NPS as well as 

customer satisfaction may provide little incremental information.    
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