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Abstract
Humanitarian migration to Australia has reached new levels, accompanied
by unprecedented complexity and diversity. Little is known about labour
market integration for these newcomers, nor about how well their skills
match those required for or relevant to their employment. Here we analyse
how labour force engagement and skill alignment are influenced by migra-
tion status, including migration scheme, region of birthplace, applicant sta-
tus, year of arrival, citizenship, and internal migration after settlement, and
metropolitan versus regional geographic location of settlement. In particular,
we focus on employed humanitarian visa holders who arrived between
2000 and 2016. Using the 2016 Australian Census and Migrants Integrated
Dataset (ACMID) for quantitative analysis, our modelling established that
they were not as likely to be in the labour force as skilled visa holders. Simi-
larly, humanitarian visa holders who were employed were less likely to be in
jobs that matched their skills and more likely to have lower income levels.
Moreover, there were significant differences in skill alignment between
those settling in metropolitan and in regional areas. The relative probability
of being over-skilled was correlated with migration scheme, origin, duration
since arrival, internal movement in the year preceding the census, profi-
ciency in spoken English, family status, and gender. Labour market out-
comes varied by visa subtype and by metropolitan versus regional
settlement. We conclude that the design of migration policy requires further
important consideration, both to improve the outlook for this vulnerable
population and to address chronic skill shortages in Australia.
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1 | INTRODUCTION

Immigration accounts in a large part for the doubling over
the last 50 years of Australia’s population, a third of
whom were born overseas (8.42 million on 2021 census
night). That figure swells to over a half the population
when we include all those with at least one parent born

overseas (ABS, 2022). Australia’s migration programme
is arguably one of the world’s most closely managed
immigration programmes, with all persons apart from
New Zealanders requiring a visa to enter (Hugo, 2014a).
This programme enables substantial control over the
scale and composition of migration flows. Permanent
immigrants enter under capped programmes such as
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skilled, family and special eligibility. As shown by the
2016 Australian Census and Migrants Integrated Dataset
(ACMID), the humanitarian programme accounted for
about 10% of the 2.2 million permanent migrants arriving
between 1 January 2000 and 9 August 2016 (census
night), with 32% coming under family programmes
(mainly partner and parent schemes) and 58% under a
range of skilled visas (ABS, 2018).

This study investigates the economic integration of
16 to 64 year old humanitarian entrants into the
Australian labour force. Of particular interest, we exam-
ine the extent to which they participate, their employ-
ment prospects and the extent to which their skills are
underused and prevent them from reaching their full
potential as contributors to the skilled workforce.
According to the ACMID data, those employed in this
group made up only 38% of the sample population, 10%
were unemployed, and 52% were not engaged in the
labour force, many undertaking studies. This participa-
tion was much lower than for other migrants, and for the
Australian population as a whole. When disaggregated
by gender, there was evidence of an even lower repre-
sentation in the labour force of employed female human-
itarian migrants (27%) compared with males (48%).

We addressed the effects of settlement in
metropolitan versus regional areas, and in specific states
and territories of Australia, to inform policy decisions
aimed at redressing imbalances and inequities. Our study
therefore does much to close an important knowledge
gap, exploring how migration status, migrant characteris-
tics, and settlement location influence the employment,
income, and skill alignment of humanitarian migrants
arriving in Australia between 2000 and 2016.

Humanitarian migrants were disproportionately
located in metropolitan (89.2%) compared with regional
areas (10.8%), especially among those more recently
arrived. We compare these differences through three
research questions (RQs):

RQ1: How is migration status, especially visa category
and applicant status, of humanitarian migrants
associated with labour market participation and
employment?

RQ2: For employed humanitarian migrants, is there an
association between income and migrant status
and skill mismatch (controlling for other factors)?

RQ3: For employed humanitarian migrants, is there a
skill mismatch, and how is it determined by visa
category and other migrant status factors?

Skill alignment is the degree of match or mismatch
(under-educated, over-educated) between what
employers demand and the qualifications or skills
workers possess (for employed migrants). In the
analysis, visa category of migrants is an independent
variable of particular interest. To understand how
migration status shapes employment, income, and skill

alignment differently, we disaggregated humanitarian
migrants by visa category (that is, refugees, global
special humanitarian migrants, and other special
humanitarian migrants). We analysed two sub-
samples—disaggregated by metro (regional versus
metropolitan). Skilled migrants are the reference group
for the explanatory variable visa category.

We seek to go beyond studies such as those by
Cheng, Wang, and Taksa (2021) and Cheng, Wang,
Jiang, et al. (2021), which concentrated on labour force
participation (LFP) and employment prospects of
humanitarian migrants in Australia, to look specifically
at those who were employed, and consider how well
their jobs fitted with their qualifications and experience.
Our study offers three advances. First, it adds to the rel-
atively small body of quantitative research into resettle-
ment outcomes of humanitarian migrants, particularly
labour market outcomes. It is the first to use linked
ACMID data to analyse skill alignment issues and
explore how they are associated with the income of
employed humanitarian migrants in regional and metro-
politan areas of Australia. By using linked large-scale
data along with rich information at the individual level, it
also contributes to micro-level research on humanitar-
ian migrants. This study can therefore supplement
macro-level policymaking and contribute to well-known
skill shortage problems. Second, it contributes to
diverse studies on humanitarian migrants’ labour mar-
ket performance by examining the differential effects of
migration status and geographical contexts of settle-
ment on skill alignment, which is a meaningful domain
of employment outcome. Third, it helps to inform cur-
rent public debates on humanitarian migrants’ labour

Key insights
This article addresses employment, income,
and skill alignment in the Australian labour mar-
ket for humanitarian migrants, and considers
their potential to fill workforce gaps in a rapidly
expanding twenty-first century economy. A
unique integrated dataset has enabled analysis
of migrants’ characteristics and circumstances
to gauge varying levels of labour market suit-
ability for these migrants in contrast with those
entering under skilled visa schemes. We found
differences between humanitarian migrants,
notably those with refugee status and other
special humanitarian entrants. That finding
exposes a need to secure equitable benefits for
all visa categories and for a host economy in
need of this valuable human resource that too
often is underestimated.
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market performance and their potential to help over-
come skill shortages in Australia.

2 | OVERVIEW OF THE LITERATURE

This section provides background to Australia’s
humanitarian programme and considers differences in
the programme’s refugee and other special humanitar-
ian components. Studies have shown that the eco-
nomic contributions of migrants gaining entry under this
programme have largely been ignored. However, they
offer a potential source of underutilised human capital
for Australia’s increasing labour force demands in a
rapidly expanding economy. It is vital that we under-
stand more about how their skills are likely to match
their employment and income goals, which will contrib-
ute to more successful settlement and greater personal
satisfaction of humanitarian migrants in their host coun-
try. Important gaps exist, and two in this article relate to
skill alignment among those employed and to how
demand for skills may vary between urban and regional
settlement outcomes for humanitarian migrants,
according to whether they had refugee status or were
other special programme entrants.

2.1 | Australia’s refugee and
humanitarian programme

Australia’s current refugee and humanitarian pro-
gramme assists refugees and others in need of human-
itarian assistance (hereafter, ‘humanitarian’ will
sometimes include ‘refugee’). Founded on 1978 initia-
tives, the programme gives opportunities to people flee-
ing persecution and suffering. Source regions have
changed significantly over time, reflecting global devel-
opments (DIAC, 2011). Each wave of entrants brings
its own employment and educational characteristics,
levels of proficiency in English, and cultural and reli-
gious orientations. Accordingly, there is a constant
need to evaluate and revise policies and schemes to
optimise labour market integration and social integra-
tion. In linked 2016 census–migration data, the basis
for our analysis, sources of humanitarian migrants were
the Middle East (31%), Southern and Central Asia
(21%), sub-Saharan Africa (15%), South-East
Asia (13%), North Africa (11%), and other regions such
as Europe, Oceania and Antarctica, North-East Asia,
and the Americas (less than 10%). The small percent-
age from Europe (4%) represents a considerable drop
compared with 2000–2001 (about 45%), showing the
programme’s response to volatility in global
circumstances.

The humanitarian programme offers onshore and
offshore pathways to refugees and others seeking

protection from persecution, war, or other threats to
human well-being and rights. It serves two functions,
providing resettlement for refugees who are overseas
(designated under the Refugee Convention), and for
those already in Australia deemed to be refugees seek-
ing protection (the onshore protection/asylum compo-
nent). For migrants entering under the programme,
refugee visa holders accounted for 45% of our sample
population. The remainder entered under the special
humanitarian programme (SHP), for persons supported
by a proposer in Australia who were subjected to sub-
stantial discrimination and violation of rights in their
home countries but were outside that country when
they applied. We disaggregated this SHP component
into global special humanitarian (33%) and other
special humanitarian (22%).

A comprehensive study by Hugo (2014b) on the
economic contributions made by migrants gaining entry
into Australia under the programme found that they
were a significant stock of unrecognised and generally
understudied human capital. Common impediments to
their LFP have been well documented, especially for
those from non-English speaking backgrounds (Cobb-
Clark, 2006; Colic-Peisker, 2008; Colic-Peisker &
Tilbury, 2006; Hugo, 2011, 2014b; Iredale &
D’Arcy, 1992). They face barriers concerning English
language proficiency and education, and with qualifica-
tion recognition and acceptance, culture shock, social
isolation, exclusion, and discrimination (Cheng, Wang,
Jiang, et al., 2021; Connor, 2010; Hugo, 2011).

Given that, over the last two decades, Australia’s
migration programme has transitioned to a greater
emphasis on skilled migration to support the demand
for skilled workers in a rapidly expanding economy, we
must not overlook the potential of better-integrating ref-
ugees in the skilled workforce and regional economies.
Unlike other entrants, humanitarian migrants are most
likely to stay for their entire life and raise their families
in Australia (Hugo, 2014b), so it is vital that their skills
match with their employment and income goals,
because this seems to contribute to successful settle-
ment and personal satisfaction in their host country.

2.2 | Skill alignment

Following Quintini (2011), we take skill alignment to be
the degree of match or mismatch between what
employers demand and the qualifications or skills that
workers have to offer. At the macro level, this alignment
concerns what Pellizzari and Fichen (2017, p. 3) define
as the ‘allocation of workers to jobs that could improve
the realized equilibrium in either employment levels or
output.’ What they call micro mismatch is our focus:
migrant skills higher (or lower) than required, within
each worker–job pair.

78 TAN ET AL.
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Empirical investigations in Australia and New Zealand
confirm that the successful settlement of refugees
depends on whether they can convert their skills
and qualifications for use in their host country (Fleay
et al., 2013; O’Donovan & Sheikh, 2014). For Australia,
limited numbers of studies have examined the extent of
skill mismatch and its adverse impacts on wages, job sat-
isfaction, and future employment prospects for graduates,
an important segment of the workforce (Mavromaras
et al., 2009, 2013, 2015). For EU countries,
immigrants had a disproportionately high risk of skill mis-
match (Nieto et al., 2015; Støren &Wiers-Jenssen, 2010).
Tani (2021) has identified the positive role of occupational
licensing in reducing education–occupation mismatches
for highly educated migrants in Australia; but no study
systematically addresses immigrants’ skill alignment, in
particular its relationship with humanitarian migration sta-
tus and geographical locations of settlement. We aim to
make good that deficiency.

Research has focused on how well and how long
refugees take to secure stable employment, and the
extent to which many choose self-employment to over-
come some of the barriers (see Connor, 2010;
Hugo, 2011). Recent studies note that refugees who
have experienced significant socio-economic adversity
in their early years of settlement, such as financial
hardship and living in a disadvantaged neighbourhood,
are less likely to find paid jobs (Cheng, Wang, &
Taksa, 2021), and only 1% of a recent cohort of refu-
gees initiated entrepreneurship within four years from
arrival (Cheng, Wang, Jiang, et al., 2021).

The effectiveness of regional resettlement policies
to address skilled labour shortages in areas
experiencing population decline and egress of young
people has received limited attention (Hugo, 2008;
Hugo et al., 2006). Refugees in particular have limited
access to social networks for support in finding work.
Research has reported that migrants who are middle-
aged, female, parents, carers, or unemployed, and
with lower educational attainment, are associated with
heightened exposure to such adversity (DSS, 2019).
Refugees have little or no chance to explore their
employment options and preferred locations before
arriving in Australia (Hugo, 2014b). They have
difficulty accumulating work experience, another
prerequisite for most employers, so many end up in
low-skilled and low-paying jobs that require few quali-
fications and attributes, despite skills acquired in their
home country.

Since the mid-1990s, when the issue of where
migrants would settle became an important consider-
ation with the introduction of state-specific regional
schemes, we find that South Australia and the Northern
Territory became regions worthy of support to boost
lagging population and move towards development
goals (Hugo, 2008).

3 | DATA AND METHODS

This section contains several sub-sections. First, it
describes the data set used in the analysis, a description
of the analytical sample—with details of the regional dis-
tribution of labour market participants and skill matching
details. That is followed by variable definitions and
descriptive statistics for the variables included in the
empirical modelling. Following those descriptions are
details of the theoretical underpinnings of the empirical
modelling methods used. This work includes details of
how selection bias is addressed, resulting in labour mar-
ket participation and employment status models. A wages
model is also discussed. The section concludes with gen-
eral issues related to applying the models to these data.

3.1 | The 2016 Australian census and
migrants integrated dataset (ACMID)

Our study subjected 2016 ACMID’s microdata—Confi-
dentialised Unit Record File (CURF, from the Australian
Bureau of Statistics: ABS Cat No. 3417.0.55.001,
2016)—to sophisticated statistical analysis in the ABS
environment DataLab. The dataset covers the largest
sample of immigrant groups coming to Australia under
skilled, family, special eligibility, and refugee and human-
itarian programmes. It is a valuable resource, with no
sparse-data caveats, for exploring labour market out-
comes, specifically employment, income and skill align-
ment of humanitarian migrants, at the disaggregated
level—distinguished by geographical location (metropoli-
tan versus regional). These data link 1,924,551 (88%) of
2,166,014 records from the permanent migrant database
administered by the Department of Social Service (DSS)
with 2016 census data (ABS, 2018), offering detailed
information on the demographic, social, economic, and
geographic characteristics of migrants. The 2016 ACMID
covers individual permanent visa holders who arrived
between 1 January 2000 and 9 August 2016 (census
night). Fine-grained information on migrants’ origins,
visa classes, citizenship, movements, and geographical
contexts of resettlement enables us to distinguish
between humanitarian migrants who realised their skills
sufficiently and those who did not.

3.2 | Analytical samples

The analytical samples, derived from the ACMID,
include individuals with these four characteristics:

1. participated in the labour market or not; employed or
unemployed (our variable EmpUnemp); and if
employed, how skills are aligned with the level of
skills demanded (our variable Skill_mis);

TAN ET AL. 79
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2. aged 16–64;
3. arrived between 2000 and 2016; and
4. differentiated between metropolitan and regional

areas (our variable Metro).

Table 1 shows the analytical sample sizes for three
regression models (elaborated below in 3.4), disaggre-
gated into sub-samples distributed between three key
outcome variables EmpUnemp, Skill_mis, Income, and
Metro (regional and metropolitan). The empirical results
support our breakdown of the ACMID data into two nat-
ural sub-groups (Regional and Metropolitan). That is,
we find statistically significant differences between
coefficients for several important variables such as
VisaType.

3.3 | Variable definitions and
descriptions

Table 2 shows labels and descriptions for our variables.
Table 3 presents summary statistics—count, mean,
standard error—for continuous variables for each sub-
samples in three categories of labour market outcomes.

Table 4 gives proportions for the categorical variables
for each of the two sub-samples across three outcome
models.

Our outcome variable, Skill mismatch, is categori-
cal: under-educated, over-educated, and skill-matched.
Skill mismatch indicates the difference between skill
levels possessed and skill levels required in Australian
jobs. The Australian and New Zealand Standard Classi-
fication of Occupations (ANZSCO) defines occupation
skill level as a function of the range and complexity of
tasks to be performed (ABS, 2019). ANZSCO uses five
skill levels: the greater the range and complexity of
tasks, the higher the required level. A migrant’s skill
level is measured by a combination of the extent of
formal education and training, previous experience in a
related occupation, and the amount of on-the-job
training required.

Predictor variables in these models include a set of
variables measuring migration status. VisaType indi-
cates the main schemes for humanitarian migration.
Other predictor variables include region of birth
(RoBirth), applicant status (AppStatus), year of arrival
(Year_arrival), Australian citizenship or not (Aust_citi-
zen), and internal migration across Local Government

TAB LE 1 Labour market distribution of humanitarian/skilled migrants by location.

Labour market outcomes

Employed-unemployed Skill mismatch Income

Regional Metropolitan Regional Metropolitan Regional Metropolitan

Participated in the labour market 93,256 585,026

Column percent 82.1 80.1

Not in the labour market 20,277 145,344

Column percent 17.8 29.9

TOTAL 113,533 730,370

Column percent 100 100

Employed 87,021 537,885

Column percent 93.3 91.94

Unemployed 6,229 47,154

Column percent 6.7 8.1

TOTAL 93,250 585,039

Column percent 100 100

Under-educated 22,193 98,457

Column percent 27.0 19.2

Skill-matched 38,283 250,661

Column percent 46.5 48.9

Over-educated 21,838 162,922

Column percent 26.5 31.8

TOTAL 82,314 512,040

Column percent 100 100

Employed and income earners

TOTAL 85,395 528,754

Column percent 100 100

80 TAN ET AL.
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Areas (LGAs) in the 12 months preceding census night
(Move_lga). We also include important control vari-
ables, including demographic (Age, Gender, Marital
status, Family composition and Disability), and socio-
economic (English, Education, Religion, Voluntary
work, Unpaid childcare and Housing); definitions are in
Table 2.

3.4 | Regression methods

3.4.1 | Participation and employment

Sample selection bias occurs naturally in modelling
labour supply. The probabilities of being a labour force

TAB LE 2 Variable labels and description.

Label Description

Skill_mis Skills from formal education versus required
by jobs (three categories)

LFP Labour force participation (participant and not
in labour force; dichotomous)

EmpUnemp Employment and unemployment
(dichotomous)

Income Total personal weekly income (14 categories;
mid-point treated as continuous)

VisaType Visa classification and subtype (four
categories)

RoBirth Region of birth (nine categories)

AppStatus Primary or secondary applicant
(dichotomous)

Year_arrival Year of arrival in Australia

Aust_citizen Australian citizenship (dichotomous)

Move_lga Change in residential location in the past
1 year (dichotomous)

State Destination state or territory

IER Index of economic resources (national area)

IEO Index of Education and Occupation (national
area)

Age & Agesq Age of person (and age squared)

Gender Gender (dichotomous)

Marital Registered marital status (five categories)

Family_comp Family composition (four categories)

Disability Disabled household member (core activity
needs assistance; dichotomous)

English Proficiency in spoken English (three
categories)

Edu Highest educational attainment (five
categories)

Religion Religion group (three categories)

VoluntaryWk Voluntary work undertaken (dichotomous)

ChildCareNopay Provide unpaid childcare (four categories)

WkEngaged Engagement with the labour market (four
categories)

Housing Housing tenure (three categories)
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TAB LE 4 Proportions (as percentages) for categorical variables in three categories of models.

1. Employed-unemployed 2. Skills mismatch 3. Income

Regional Metropolitan Regional Metropolitan Regional Metropolitan

VisaType

Skilled 87.6 83.1 93.3 90.9 93.3 91.0

Refugees 7.3 7.1 3.5 3.4 3.5 3.4

Global special humanitarian 2.8 5.8 1.5 2.7 1.5 2.7

Other special humanitarian 2.3 3.9 1.7 3.0 1.7 3.0

RoBirth

Middle East 3.1 7.6 1.9 4.2 1.9 4.2

Southern and Central Asia 21.4 29.4 21.0 30.6 21.0 30.6

Sub-Saharan Africa 17.9 9.6 17.9 9.4 17.8 9.4

South-East Asia 13.4 12.5 13.0 12.3 13.0 12.3

North Africa 1.9 2.2 1.3 1.4 1.3 1.4

Europe 26.2 18.5 28.7 21.3 28.7 21.4

Oceania and Antarctica 4.8 2.2 4.6 2.1 4.6 2.1

North-East Asia 7.8 15.3 7.8 15.5 7.7 15.5

America 3.6 2.8 3.8 3.1 3.8 3.1

AppStatus

Primary 52.9 55.8 60.2 63.7 60.4 63.9

Secondary 47.1 44.2 39.8 36.3 39.6 36.1

Year_arrival

2000 2.4 3.4 2.4 3.5 2.3 3.5

2001 2.9 3.7 2.9 3.8 2.9 3.8

2002 3.1 3.8 3.2 3.9 3.2 3.9

2003 4.0 5.1 4.2 5.3 4.2 5.3

2004 4.4 5.7 4.5 5.9 4.5 5.9

2005 6.3 6.6 6.5 6.8 6.5 6.8

2006 8.6 8.1 9.0 8.4 9.0 8.3

2007 10.2 9.9 10.7 10.6 10.7 10.6

2008 13.3 11.5 14.1 12.2 14.1 12.2

2009 10.3 8.9 10.7 9.2 10.7 9.2

2010 7.0 6.6 7.0 6.6 7.0 6.6

2011 7.1 6.6 7.1 6.5 7.1 6.5

2012 7.1 5.9 7.2 5.9 7.3 5.9

2013 5.5 4.9 4.9 4.4 4.9 4.4

2014 3.7 4.0 3.0 3.4 3.0 3.4

2015 2.6 3.4 1.9 2.7 1.9 2.7

2016 1.4 1.9 0.6 0.9 0.6 0.9

Aust_citizen

Australian 55.0 54.7 56.4 56.0 56.4 56.0

Non-Australian 45.0 45.3 43.6 44.0 43.6 44.0

Move_lga

Did not move 82.1 80.3 83.6 81.5 83.6 81.5

Moved across LGAs 17.9 19.7 16.4 18.5 16.4 18.5

State

NSW 23.4 33.5 22.6 33.8 22.6 33.9

Vic 14.4 28.4 13.3 28.0 13.3 28.0

Qld 42.5 11.5 43.2 11.5 43.2 11.5
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TAB LE 4 (Continued)

1. Employed-unemployed 2. Skills mismatch 3. Income

Regional Metropolitan Regional Metropolitan Regional Metropolitan

SA 3.0 6.4 3.1 5.8 3.1 5.8

WA 12.9 16.7 14.3 17.2 14.4 17.2

Tas 2.2 0.5 1.7 0.4 1.7 0.4

NT 1.5 0.9 1.7 1.0 1.8 1.0

ACT 0.1 2.1 0.1 2.3 0.1 2.3

Gender

Female 46.5 47.0 41.8 41.5 41.7 41.4

Male 53.5 53.0 58.2 58.5 58.3 58.6

Marital

Never married 28.7 28.8 25.7 26.2 25.7 26.2

Widowed 0.7 0.6 0.4 0.3 0.4 0.3

Divorced 3.3 2.8 3.6 2.9 3.6 2.9

Separated 2.2 2.0 2.2 1.7 2.2 1.7

Married 65.1 65.8 68.2 68.8 68.2 68.9

Family_comp

Couple family, no children 17.0 18.2 19.1 21.5 19.2 21.5

Couple family with children 57.2 60.6 55.3 58.2 55.2 58.1

One-parent family 6.0 7.0 4.3 5.1 4.3 5.0

Other family or single 19.7 14.2 21.2 15.3 21.3 15.3

Disability

None 96.2 94.8 97.7 97.3 97.7 97.3

Family member disabled 3.8 5.2 2.3 2.7 2.3 2.7

English

English only 36.7 23.7 39.4 26.6 39.4 26.7

Very well/well 56.3 67.9 56.7 69.3 56.7 69.3

Not well/not at all 7.0 8.4 3.9 4.0 3.9 4.0

Religion

Christian 51.9 38.9 52.6 38.1 52.6 38.1

Secular 24.1 25.0 25.5 27.3 25.5 27.3

Other religion 24.1 36.1 21.9 34.6 21.9 34.6

VoluntaryWk

Not volunteer 81.5 83.1 82.4 83.5 82.4 83.6

Volunteer 18.5 16.9 17.6 16.5 17.6 16.4

ChildCareNopay

Not provided 57.9 58.4 58.6 58.8 58.6 58.9

Care own child 38.3 38.6 38.2 38.6 38.3 38.6

Care other 3.1 2.4 2.5 2.0 2.5 2.0

Care own and other 0.7 0.6 0.7 0.5 0.7 0.5

Housing

Owned outright 6.8 5.5 6.5 5.2 6.5 5.2

Owned with mortgage 40.7 45.3 43.9 48.6 43.9 48.6

Rented 52.5 49.1 49.6 46.2 49.6 46.2

WkEngaged

Fully engaged 64.9 65.5

Partially engaged 18.3 15.5

At least partially engaged 3.4 2.9

Not engaged 13.4 16.1

(Continues)
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participant, of being employed, and employment
income are interrelated. For example, potential bias
arises from the exclusion of non-working persons (non-
participants) from assessment of our variable of inter-
est: employed–unemployed. The decision to accept a
job or not is not independent of the choice of being
a labour force participant, so being employed may be
systematically correlated with unobservable factors that
affect the choice to be a labour market participant. If
this interdependency—labelled sample selection
bias—is ignored econometrically, estimated coefficients
may be biased and inconsistent, leading to false con-
clusions and poor policy prescription.

Since Heckman (1978, 1979) published, it has
been commonplace in econometric analysis to correct
for sample selection bias when estimating labour sup-
ply models through a two-equation system. In our
case, the first equation is participation and the sec-
ond is employment. For both, a limited dependent
variable (probit) model is used: for probability of LFP,
the complete random sample is used to determine
the probability of being included in the sample for the
second-stage employment equation. Heckman
showed that including a selection bias ‘correction
term’ from the first equation in the second equation
accounts for the non-randomness of the employment
equation sub-sample. Stata’s (version 17) heckprobit
is used for analysis, which produces consistent,
asymptotically efficient estimates for all the parame-
ters in such models (Stata, 2019). We note one pro-
viso or limitation: Heckman-based selection models
assume that the selection mechanism is because of
model observables, if because of unobserved, the
process may not fully address all aspects of self-
selection bias.

Following Cameron and Trivedi (2010), let y2*
denotes the outcome of interest (employed versus
unemployed) and y1* the choice to be an LFP where
y1* determines whether y2* is observed (and * marks a

latent variable), then the two-equation model has
a bivariate selection equation for y1:

Y 1 ¼ 1 if y1 � >0f
0 if y1 � ≤0f :

ð1Þ

And the resultant outcome equation for y2:

Y2 ¼ 1 if y1 � > 0f
– if y1 � ≤ 0f :

ð2Þ

That is, employed or unemployed is only observed if
the individual is an LFP. This allows the system with
additive errors to be represented as

Y 1
� ¼X1

’β1þ ε1

Y 2
� ¼X2

’β2þ ε2,
ð3Þ

where each X is a vector of an exogenous variables
(predictors and controls), each β is a coefficient to be
estimated, and ε1 and ε2 are assumed to be correlated
but jointly normally distributed and homoscedastic.

For the labour market, both Y1 (participation in the
labour market verses not in the labour market) and Y2

(employed verses unemployed) are estimates as
(binary) probit models.

Coefficients for probit models can be interpreted,
after calculation of the marginal effects, as the
change in probability of observing the dependent
variable (Y1 or Y2),: when there is a small or marginal
change of one unit in the explanatory variable if contin-
uous; or if binary, the change in probability after a
‘switch’ of the explanatory variable from zero to one; or
if categorical, the change in probability after a ‘switch’
of the explanatory variable from the reference group to
another group.

TAB LE 4 (Continued)

1. Employed-unemployed 2. Skills mismatch 3. Income

Regional Metropolitan Regional Metropolitan Regional Metropolitan

Edu

Postgraduate/GradDip/Grad 15.5 23.7

Bachelor’s degree 27.8 31.4

Advanced dip/diploma 13.4 11.0

Certificates I–IV 16.1 9.2

Secondary education and below 27.3 24.7

Skill_mis

Under-educated 26.9 19.2

Skill-matched 46.6 49.0

Over-educated 26.5 31.8

Note: Percentages may not add to 100% because of rounding.
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3.4.2 | Income

Our analysis of the impact of visa category, skill mis-
match, and other exogenous variables was carried out
by applying ordinary least squares (OLS) regressions
to the two sub-samples (metropolitan and regional). In
this case, the dependent variable is ‘individual
income’—which we use as a proxy for returns to
employment as the ACMID data do not include wage or
earnings variables. To assist the proxy application, we
restrict the sample to those employed and report a non-
zero income. We are cognisant of the potential for bias
in this examination. That is, there may be a sample
selection issue (see above), but we are not able to
apply the Heckman method as the first stage model
cannot be defined. That is, the first stage employed ver-
sus unemployed cannot be analysed with the set of
explanatory variables we wish to include in the second
(main) equation, as those in the sample who are unem-
ployed do not have a skill mismatch record.

As outlined by Heckman (1979), it is not appropriate
to run two models separately and insert, as a selection
bias control, an inverse Mills ratio (IMR) from the first
equation into the second. Nonetheless, we did explore
this approach and found that the results were not quan-
titatively different to the outcome from OLS. Similarly,
applying the Heckman method to the problem but
excluding the skill mismatch variable also gave results
that support conclusions from the OLS model. For
example, coefficients on the variables of interest are
always statistically significant and of the same sign.

The OLS can be specified as (Greene, 2008)

Y i ¼ Xi
0βþ εi ð4Þ

where, as previously, Y is the outcome (income), X a
vector of explanatory variables, β a coefficient to be
estimated, and errors (εi) are assumed to have zero-
mean random constant variance.

For OLS model with income as the dependent vari-
able, coefficients are interpreted as the difference in
average income for the specific group compared with
the base for categorical variables such as visa type.
For a continuous variable, the interpretation is the
change in income for a one-unit change in the explana-
tory variable.

3.4.3 | Skill mismatch

Because skill mismatch is a categorical outcome vari-
able, we use a multinominal probit (MNP) regression
model to investigate the relationship between it and the
independent variables. The three categories: under-
educated, skill-matched, over-educated. The MNP
represents individual i, alternative j (Uij), as the sum of

deterministic components Vij that depend on the inde-
pendent variable and unknown (unobserved) random
components εij. The MNP in this case is a three-
outcome model with the outcome for the i th person and
j th choice given by Cameron and Trivedi (2010).

Uij ¼ V ijþ εij for j¼ 1,2,3 ð5Þ

The standard MNP model is then:

Uij ¼ Xij βþ εij ð6Þ

where X is a vector of independent regressors, and
errors (εij) are assumed to be random with constant var-
iance and zero mean. The probability that alternative
j is the outcome for individual i is given by

pij ¼ Pr y i ¼ jð Þ¼Pr εik�εij
� �

≤ Xij�Xik
� �´

β for all k

ð7Þ

¼ F X0βð Þ ð8Þ

where, for the MNP, F() is the standard normal cumula-
tive distribution function.

Following the regression, average marginal effects
(AMEs, averaged over the joint distribution of the inde-
pendent variables) can be calculated. For the MNP
model, a positive AME indicates that an increase in the
explanatory variable of one (small) unit—or for a
dummy variable, a switch from zero to one—is associ-
ated with an increase in the probability of the depen-
dent variable taking the j th value. Similarly, a negative
AME is associated with a decrease in probability.
Across the three possible outcomes, the sum of the
estimated changes in AME for each explanatory vari-
able is zero (total probability sums to one). For exam-
ple, for applicant status equal to secondary compared
with primary applicant, for regional areas, under-
educated AME is 0.031 (secondary applicants 3.1%
more likely to be under-educated compared with pri-
mary applicants); for skill-matched the AME is �0.161;
for over-educated 0.129; and net changes are zero.

3.4.4 | General issues

In the regression models, as well as the explanatory
variables of particular interest, we include a compre-
hensive suite of control variables. That is, there are
numerous individual characteristics expected to influ-
ence the outcome, but other than when of particular
interest, we do not focus on these. In many cases, con-
trol variables are to incorporate observed heterogeneity
and known effects such as age and English language
ability. In other cases, they may act as a proxy for
unobserved heterogeneity. For example, we include a
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three-category variable for religion (Christian, secular
and other religion) and suggest this may be a proxy for
unobservable attitudes of migrants and of employees,
and we have no priors as to the possible influence on
the outcome. In addition, we analyse sub-samples of
migrants in metropolitan and regional areas (non-met-
ropolitan). This analysis yields a simple yet powerful
account of geographical heterogeneity: a method
adopted in seminal studies (Alesina et al., 2016). Esti-
mation of the models is carried out within the ABS
DataLab environment using Stata/SE 17.0.

4 | EMPIRICAL RESULTS

Here we consider implications of the regression model
results for our specific research questions RQ1–3. We
are particularly interested in how migration status—
represented by visa category, region of birth, applicant
status, Australian citizenship, year of arrival, and inter-
nal migration cross local government areas (LGAs)—
influences LFP, employment, income and (for those
employed) skill mismatch for migrants in the humanitar-
ian programme.

4.1 | Participation and employment

The application of the Heckman type control for sample
selection results in two outcomes: LFP (versus not in
the labour force) and, conditional on being a participant,
employment (versus unemployment). Both models are
estimated by probit, and coefficients are converted to
(average) marginal effects—interpreted as changes in
probabilities.

Results for the two areas of settlement (metropolitan
versus regional) for LFP and employment versus
unemployment are presented in Table 5. First, for
explanatory variables relating to migrant status for LFP,
it is clear that humanitarian migrants when compared
with skilled visa holders have much lower rates of par-
ticipation. Among them, the lowest rates are for recent
arrivals, secondary applicants (most often females)
compared with primary applicants and migrants from
the Middle East. It was not surprising to find higher
rates for migrants who had taken up Australian citizen-
ship (statistically significant but small), most likely
linked to earlier arrival with more time to secure
employment (Hugo, 2011).

More general findings, consistent with LFP for the
general Australian population, are that males were
more likely to be in the labour force, as were those with
good English proficiency and those with postgraduate
qualifications. The age structure of humanitarian labour
force participants exhibited a similar profile as age
increases: participation decreases at older ages, but at
a diminishing rate. Several other control variables have

statistically significant coefficients such as state or terri-
tory, marital status, family composition. Overall, these
differences in LFP were not consistent between metro-
politan and regional areas, reflecting considerable dif-
ferences in the labour market they faced.

We next examine labour market success—that is,
probability of being employed—conditional on being a
labour force participant. First, we consider observations
about explanatory variables relating to migrant status.
Most importantly, compared with skilled visa holders,
unemployment was higher among the humanitarian
migrants, particularly those in regional areas, and within
this broader category, higher for global humanitarian
and other special humanitarian migrants than for
refugee visa holders. In addition, unemployment was
higher for secondary applicants, migrants from the
Middle East, later arrivals (generally)—and for
settlement area, those who migrated across local
government areas in the 12 months preceding the 2016
Census, and non-Australian citizen migrants (margin-
ally in metropolitan, and no association in regional
areas).

To summarise (noting that these results are consis-
tent with the general Australian population):

1. gender has a significant but very small association
with metropolitan (but not with regional);

2. age has a very small nonlinear association with the
probability of being employed;

3. better English ability and higher education are asso-
ciated with an increased probability of being
employed, but English is more important in metro-
politan areas, and education in regional areas; and

4. other control variables are generally statistically sig-
nificant, with differences evident between metropoli-
tan and regional contexts.

Findings on RQ1 then, addressed by the comprehen-
sive results for the four models shown in Table 5, dem-
onstrate that migration status is strongly associated
with labour market participation, and with labour market
outcome or success in gaining employment.

4.2 | Income

RQ2 relates to associations among income, migrant
status and skill alignment for those employed. Using
ordinary least squared (OLS) models, coefficients are
interpreted as the difference in average income, and
income in the models is personal income used as a
proxy for earnings (not included in the dataset). Robust
(or sandwich estimator of variance) standard errors
were used to minimise heteroscedasticity in both
models (Zeileis, 2004).

Explanatory variables relating to migrant status
show that skilled visa holders have significantly higher
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TAB LE 5 Heckprobit regression estimates of labour force participation and employment: average marginal effects for two sub-samples—
metropolitan and regional.

1. LFP 2. Employed-unemployed

(a) Regional (b) Metropolitan (c) Regional (d) Metropolitan
Variables dy/dx dy/dx dy/dx dy/dx

Explanatory variables:

VisaType (skilled = ref.)

Refugees �0.081*** �0.070*** 0.025*** 0.013***

Global special humanitarian �0.063*** �0.064*** 0.035*** 0.014***

Other special humanitarian �0.077*** �0.041*** 0.056*** 0.035***

AppStatus (primary = ref.)

Secondary �0.035*** �0.028*** 0.033*** 0.032***

Aust_citizen (Australian = ref.)

Non-Australian 0.012*** 0.006*** �0.001 0.003***

RoBirth (Middle East = ref.)

Southern and Central Asia 0.065*** 0.052*** �0.006 �0.005***

Sub-Saharan Africa 0.057*** 0.053*** �0.006 �0.006***

South-East Asia 0.043*** 0.034*** �0.022*** �0.013***

North Africa 0.060*** 0.045*** 0.021** 0.034***

Europe 0.058*** 0.063*** �0.017*** �0.026***

Oceania and Antarctica 0.049*** 0.039*** 0.000 �0.009***

North-East Asia 0.018** 0.005*** 0.006 0.003

America 0.031*** 0.031*** �0.016** �0.014***

Year_arrival (2000 = ref.)

2001 0.008 �0.004* 0.003 �0.001

2002 0.006 0.001 �0.002 �0.004*

2003 0.004 �0.002 �0.006 �0.003*

2004 0.007 �0.005** 0.002 �0.002

2005 0.005 �0.005** 0.000 0.002

2006 0.011* �0.003 0.004 0.001

2007 0.006 �0.002 �0.001 �0.001

2008 0.011* �0.006*** 0.004 �0.002

2009 0.011* �0.008*** 0.001 �0.001

2010 0.003 �0.014*** 0.006 0.005**

2011 �0.004 �0.015*** 0.009 0.007***

2012 �0.004 �0.019*** 0.006 0.005**

2013 �0.032*** �0.033*** 0.012** 0.010***

2014 �0.041*** �0.040*** 0.015* 0.026***

2015 �0.049*** �0.049*** 0.036*** 0.048***

2016 �0.060*** �0.039*** 0.107*** 0.166***

Move_lga (did not move = ref.)

Moved across LGAs 0.004 0.006*** 0.033*** 0.018***

Control variables:

State (NSW = ref.)

Vic 0.005 �0.002** �0.001 0.009***

Qld 0.015*** 0.004*** 0.011*** 0.019***

SA 0.017*** �0.006*** �0.006 0.017***

WA 0.018*** 0.010*** �0.009*** 0.022***

Tas �0.029*** �0.029*** �0.007 0.003

NT 0.028*** 0.020*** �0.034*** �0.018***

(Continues)
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TAB LE 5 (Continued)

1. LFP 2. Employed-unemployed

(a) Regional (b) Metropolitan (c) Regional (d) Metropolitan
Variables dy/dx dy/dx dy/dx dy/dx

ACT �0.048 0.009*** 0.049 �0.006***

IE R (continuous) 0.002*** 0.001*** 0.000 �0.001***

IEO (continuous) �0.003*** �0.001*** �0.002*** �0.001***

Age (continuous) 0.025*** 0.029*** �0.004*** �0.006***

AgeSq (continuous) �0.000*** �0.000*** 0.000*** 0.000***

Gender (female = ref.)

Male 0.054*** 0.062*** 0.002 �0.003***

Marital (never married = ref.) (base) (base) (base) (base)

Widowed �0.075*** �0.057*** �0.001 �0.011**

Divorced �0.009 �0.010*** �0.007 �0.009***

Separated �0.018** �0.028*** �0.01 �0.008***

Married �0.011*** �0.006*** �0.017*** �0.017***

Family_comp (couple family, no children = ref.)

Couple family with children �0.045*** �0.044*** 0.005** 0.004***

One-parent family �0.038*** �0.036*** 0.010** 0.014***

Other family or single �0.019*** �0.014*** 0.004 0.011***

Disability (none = ref.)

Family member disabled �0.042*** �0.033*** �0.007 �0.005***

English (speak English only = ref.)

Very well/well �0.009*** �0.007*** 0.006*** 0.009***

Not well/not at all �0.077*** �0.073*** �0.003 0.010***

Edu (postgraduate/GradDip/grad = ref.)

Bachelor’s degree �0.002 �0.007*** �0.003 �0.007***

Advanced dip/diploma �0.012*** �0.025*** 0.002 �0.007***

Certificates I–IV 0.001 �0.007*** 0.010*** 0.004***

Secondary education and below �0.052*** �0.072*** 0.011*** 0.001

Religion (Christian = ref.)

Secular 0.000 0.000 0.005** 0.006***

Other religion �0.023*** �0.014*** 0.003 0.007***

Vo luntaryWk (not voluntary = ref.)

Volunteer �0.009*** �0.003*** 0.025*** 0.030***

ChildCareNopay (not provided = ref.)

Care own child �0.021*** �0.026*** 0.010*** 0.016***

Care other 0.009** 0.022*** 0.021*** 0.024***

Care own and other �0.016 �0.027*** 0.017 0.030***

Housing (owned outright = ref.)

Owned with mortgage 0.022*** 0.021*** �0.004 �0.008***

Rented 0.015*** 0.011*** 0.007** 0.003**

WkEngaged (fully engaged = ref.)

Partially engaged 0.015*** 0.012***

At least partially engaged 0.064*** 0.069***

Not engaged �0.510*** �0.480***

N 88,078 617,626 88,078 617,626

Wald test of indep. Eqns (p-value) 0.0000 0.0000

***p < 0.01, **p < 0.05, and *p < 0.1.
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personal income than humanitarian migrants, while
among them refugees have more weekly income than
other special humanitarian, but less than global special
humanitarian migrants. Of note, the income of regional
was somewhat less than of metropolitan migrants.
There was lower income for secondary than for primary
applicants (accentuated in regional areas) and for
non-Australian citizen compared with Australian citizen
migrants, for migrants from the Middle East, and for
those who did not move across local government
areas, particularly in regions. Later humanitarian
arrivals (in 2015 and 2016) in regional areas were the
most likely to have lower incomes than those who had
arrived earlier or than those settled in metropolitan
areas. Those migrants in skill-mismatched jobs (over-
educated and under-educated) had much lower per-
sonal income than those in matched jobs, with the
over-educated experiencing a loss some 50% greater
than the under-educated. This trend was more evident
in regional than in metropolitan areas.

Generally, as with labour market participation and
employment, results tend to be consistent with the
Australian population, for example:

1. irrespective of regional or metropolitan location,
males typically have higher incomes;

2. English ability was associated with higher income,
but not uniformly matched with skill alignment;

3. income increases with age, but at a diminishing
rate;

4. income in New South Wales is higher than in other
States, except for regional Western Australia and
metropolitan parts of the Australian Capital Territory;

5. those who have never been married have lower
income than married, separated, or divorced in
metropolitan areas; and

6. other variables that have a statistically significant posi-
tive association with personal income are those who
settled in communities with higher IER and IEO (see
Table 2)—noting that these two measures are contin-
uous scales from zero (indicating least access to
economic resources and education and occupation
opportunities) to 10 (most access). Those with varying
positive and negative associations: housing tenure
type, family composition, religion, involvement in
voluntary work, and unpaid childcare duties.

In summary, Table 6 shows that personal income for
employed migrants is strongly associated with visa
type, other variables specific to migrants, and to skill
alignment.

4.3 | Skill mismatch

We now focus on our third research question (RQ3). As
noted above, to examine, influences on skill mismatch

MNP regression models are used for the sample of
employed. The dependent variable is a three-category
measure (under-educated, approximately 20% of the
sample; skill-matched, about 50%; over-educated,
about 30%; see Table 1), and our main explanatory
variables are related to migration status. As previously
indicated, we have separate models for metropolitan
and regional areas.

Following regression, average marginal effects
were calculated (AMEs, averaged over the joint distri-
bution of the independent variables) for the MNP
model. They were interpreted as follows: a positive
AME indicates that an increase in the explanatory vari-
able of one (small) unit (or for a dummy variable, a
switch from zero to one) is associated with an increase
in the probability of the dependent variable taking the
j th value; similarly, a negative AME is associated with a
decrease in probability. Across the three possible out-
comes, the sum of the estimated changes in AME for
each explanatory variable is zero (to ensure that the
total probability across all outcomes is one). For
example, for Applicant status equal to secondary com-
pared with primary, for regional, the under-educated
AME is 0.031 (secondary applicants are 3.1% more
likely to be under-educated, compared with primary
applicants); for skill-matched, the AME is �0.161
(16.1% less likely to be matched); for over-educated
0.129 (about 13% more likely to be over-educated);
and net changes are zero.

Our observations about explanatory variables relat-
ing to migrant status:

1. There are no ambiguities: compared with skilled-
visa holders, humanitarian migrants are more likely
to be under-skilled, and less likely to be skill-
matched or over-skilled.

2. The largest effect was observed for other special
humanitarian migrants in metropolitan areas with
about 20% of them more likely to be under-skilled
compared with skilled migrants; in regional areas,
this falls to about 8%.

3. Applicant status is important; secondary applicants
are less likely to be matched and about 13% more
likely to be under-skilled or over-skilled.

4. Migrants who are Australian citizens are less likely
to be matched and more likely to be under-skilled or
over-skilled.

5. Year of post-resettlement influenced skill mismatch
(over-educated or under-educated) in metropolitan
and regional areas. This finding is in line with previ-
ous studies (Connor, 2010; Hugo, 2011, 2014b);
that the longer humanitarian immigrants have lived
in Australia, the greater the probability that their
skills matched with job requirements.

6. Internal migration in the 12 months before 2016
census night had a positive association with the
skills-matched outcome for humanitarian migrants,
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TAB LE 6 OLS regression estimates of income for two sub-samples: metropolitan and regional.

Regional Metropolitan Regional Metropolitan
Variables Coef. Coef. Variables Coef. Coef.

Explanatory variables: Control variables:

VisaType (skilled = ref.) State (NSW = ref.)

Refugees �303.343*** �140.382*** Vic �54.670*** �89.965***

Global special humanitarian �260.941*** �111.362*** Qld �84.715*** �156.341***

Other special humanitarian �465.962*** �288.859*** SA �48.017*** �229.688***

Skill_mis (matched = ref.) WA 83.652*** �88.278***

Under-educated �309.080*** �285.436*** Tas �80.660*** �244.024***

Over-educated �472.599*** �434.268*** NT 24.612 �44.099***

RoBirth (Middle East = ref.) ACT 21.98 12.457**

Southern and Central Asia �115.875*** 1.108 IER (continuous) 21.865*** 4.656***

Sub-Saharan Africa 22.285 168.220*** IEO (continuous) 19.298*** 47.603***

South-East Asia �140.684*** 19.068*** Age (continuous) 89.327*** 119.044***

North Africa �57.218* 15.712* AgeSquared (continuous) �0.944*** �1.337***

Europe �72.462*** 167.794*** Gender (female = ref.)

Oceania and Antarctica 5.025 146.973*** Male 270.553*** 267.605***

North-East Asia �318.562*** �207.932*** Marital (never married = ref.)

America �25.055 128.754*** Widowed �53.099 13.616

Ap pStatus (primary = ref.) Divorced 31.332** 61.310***

Secondary �372.019*** �316.992*** Separated 32.391* 23.906***

Year_arrival (2000 = ref.) Married 49.752*** 48.374***

2001 �34.17 �6.005 Family_comp (couple family, no children = ref.)

2002 �29.24 �3.663 Couple family with children �97.545*** �74.071***

2003 �18.794 �3.166 One-parent family �48.473*** �56.052***

2004 �12.211 �24.774*** Other family or single 30.402*** �37.434***

2005 �20.08 �20.896*** Disability (none = ref.)

2006 �42.442** �34.007*** Family member disabled �9.421 8.378

2007 �55.705*** �51.136*** English (speak English only = ref.)

2008 �93.499*** �55.463*** Very well/well �3.983 �88.076***

2009 �84.230*** �44.435*** Not well/not at all �319.990*** �406.730***

2010 �10.378 43.784*** Religion (Christian = ref.)

2011 30.183 69.307*** Secular 31.049*** 48.833***

2012 50.940** 77.420*** Other religion 38.231*** �13.031***

2013 14.94 60.440*** VoluntaryWk (not volunteer = ref.)

2014 �15.886 42.802*** Volunteer �16.799** 11.711***

2015 �101.076*** 35.383*** ChildCareNopay (not provided = ref.)

2016 �157.378*** 34.371*** Care own child 15.053** �5.549**

Aust_citizen (Australian = ref.) Care other �23.579 �34.564***

Non-Australian �68.035*** �46.626*** Care own and other �33.252 �99.956***

Move_lga (did not move = ref.) Housing (owned outright = ref.)

Moved across LGAs 38.237*** 8.913*** Owned with mortgage 21.145* 35.118***

Rented �37.354*** �103.731***

_cons �438.995*** �1111.271***

N 66,702 454,653

R 2 adjusted 0.384 0.415

***p < 0.01, **p < 0.05, and *p < 0.1.
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suggesting that skills are better matched by migrat-
ing elsewhere in Australia.

There are several general findings:

1. Males are more likely to be over-skilled in metropoli-
tan but not in regional areas, whereas in regions,
males are about twice as likely to be in matched
jobs.

2. The influence of variables usually included in exam-
ining migrant labour market outcomes appears to be
consistent with prior work. For example, English lan-
guage ability is strongly associated with job
mismatch.

3. Humanitarian migrants more likely to have a height-
ened risk of being in a skill mismatched job (or over-
educated) were females, those at older ages, those
in a couple family with no children, those with dis-
abled family members to care for and those in rental
accommodation. They were also most likely to be
secondary applicants, or females undertaking caring
roles in the family.

More generally, we found numerous differences
between coefficients for metropolitan and regional
models; sufficient to warrant separate models, but as
shown in Table 7 the differences tend to be cumula-
tive as opposed to strikingly different. It is clear that
humanitarian migrants face a skill mismatch, and the
degree of mismatch is strongly associated with
migrant status, specifically visa category, applicant
status, Australian citizenship, region of birth, year of
arrival, and internal migration post settlement; all have
a statistically significant relationship with the matching
variables.

5 | DISCUSSION AND CONCLUSION

Here, we address who wins and who loses among our
humanitarian migrants and consider whether differ-
ences need to be addressed according to how persons
enter under the components of the humanitarian pro-
gramme and where they settle and find employment.
We discuss some limitations of this study using the
cross-sectional data, and further research will be
needed to understand the causality of observed pat-
terns of skill alignment for humanitarian migrants and
those on skilled migration visas. The insights into differ-
ences in the labour market experience and outcomes
of humanitarian settlers compared with skilled visa
holders provided here expand our knowledge and can
be a valuable basis for policy refinements to improve
migrants’ settlement outcomes in Australia’s regional
and urban areas.

5.1 | Who wins and who loses among
employed humanitarian migrants?

Several insights have been yielded about the impor-
tance of recognising metropolitan and regional
differences in the labour market by focusing on the
resettlement location of humanitarian migrants in
Australia who have attained permanent residence, and
by considering whether they were successfully
engaged in the labour market, or indeed their employ-
ment and income matched the skills and qualifications
brought with them. Noting relatively low LFP among
humanitarian migrants, our analysis found that only a
third of them were in jobs that matched their skills, more
than a third were under-educated indicating that they
were in jobs that required higher skills, and under a
third over-educated for skills required in the Australian
jobs in which they engaged. Compared with skilled-visa
migrants, the humanitarian visa holders fared much
worse in the labour market and their economic integra-
tion and income rewards were much slower to material-
ise, but this also varied between refugee and other
special humanitarian recipients. There were significant
differences in employment and skill-mismatch between
settlement locations that corresponded with their visa
scheme, birthplace, time since arrival, whether they
had relocated internally in the 12 months before the
census, and a range of demographic and socio-
economic characteristics.

Our modelling showed that overall LFP was low for
humanitarian migrants, with unemployment higher
among recent arrivals, secondary applicants, and those
of Middle East origins, and outcomes were influenced
by proficiency in English and educational achievement.
These factors are in line with earlier studies that sought
to capture the circumstances and economic contribu-
tion of humanitarian migrants in Australia (Cheng,
Wang, & Taksa, 2021; Cheng, Wang, Jiang, et al.,
2021; Hugo, 2011, 2014b). When compared with skilled
visa holders, the skills match of humanitarian migrants
employed at the time of the 2016 census was most
likely to be under-skilled and less likely to be matched
or over-skilled, reflecting their lower skill levels, employ-
ment experience, English proficiency and education
levels. Those with skill mismatch (under-educated and
over-educated) had poorer personal income and were
most likely secondary applicants, from the Middle East,
in the other special humanitarian visa category or set-
tled in regional areas. Skill alignment outcomes obvi-
ously varied by education, English proficiency, time
since arrival and gender, with metropolitan males more
likely to be over-skilled, but regional males more likely
to be matched and effectively using their skills, or
instead under-skilled for jobs and with higher risk of
being unemployed.

TAN ET AL. 91

 17455871, 2024, 1, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/1745-5871.12621 by U

niversity of A
delaide A

lum
ni, W

iley O
nline L

ibrary on [16/02/2024]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense



TAB LE 7 Multinomial probit regression results: subsample models (by metro) for humanitarian migrants: skill mismatch and predicted
marginal effects of factors influencing skills matched or skills mismatched.

1. Regional 2. Metropolitan

(a) under-
educated

(b) skill-
matched

(c) over-
educated

(d) under-
educated

(e) skill-
matched

(f) over-
educated

Variables dy/dx dy/dx dy/dx dy/dx dy/dx dy/dx

Explanatory variables:

VisaType (skilled = ref.)

Refugees 0.066*** �0.033*** �0.033*** 0.067*** �0.006 �0.061***

Global special
humanitarian

0.072*** �0.093*** 0.020 0.086*** �0.036*** �0.050***

Other special
humanitarian

0.079*** �0.042** �0.037*** 0.197*** �0.149*** �0.048***

AppStatus (primary = ref.)

Secondary 0.031*** �0.161*** 0.129*** 0.055*** �0.172*** 0.117***

Aust_citizen (Australian = ref.)

Non-Australian 0.026*** �0.030*** 0.004 0.023*** �0.026*** 0.003*

RoBirth (Middle East = ref.)

Southern and Central
Asia

0.007 �0.088*** 0.081*** �0.015*** �0.033*** 0.048***

Sub-Saharan Africa 0.153*** �0.135*** �0.018 0.066*** �0.012** �0.054***

South-East Asia 0.041*** �0.127*** 0.086*** �0.018*** 0.005 0.013***

North Africa �0.049*** �0.009 0.058*** �0.049*** 0.006 0.043***

Europe 0.157*** �0.157*** 0.001 0.106*** �0.042*** �0.064***

Oceania and
Antarctica

0.108*** �0.085*** �0.023 0.075*** 0.017** �0.091***

North-East Asia 0.060*** �0.213*** 0.153*** 0.004 �0.104*** 0.100***

America 0.006 �0.039** 0.033** �0.020*** 0.027*** �0.007

Year_arrival (2000 = ref.)

2001 �0.014 0.026 �0.012 0.000 0.018*** �0.018***

2002 �0.026* 0.032** �0.006 �0.003 0.025*** �0.022***

2003 �0.015 0.038** �0.023* �0.005 0.021*** �0.016***

2004 �0.014 0.030** �0.016 �0.007** 0.017*** �0.009**

2005 0.006 0.005 �0.011 0.004 0.007 �0.011**

2006 0.037*** �0.003 �0.034*** 0.019*** �0.008* �0.012***

2007 0.016 �0.016 0.001 0.024*** �0.026*** 0.002

2008 0.026** �0.041*** 0.015 0.028*** �0.024*** �0.004

2009 �0.007 �0.006 0.013 0.012*** �0.004 �0.008*

2010 �0.028** 0.042*** �0.015 �0.005 0.051*** �0.046***

2011 �0.022* 0.047*** �0.024* �0.002 0.055*** �0.053***

2012 0.002 0.023 �0.025* �0.010** 0.065*** �0.056***

2013 �0.051*** 0.058*** �0.007 �0.033*** 0.080*** �0.047***

2014 �0.070*** 0.055*** 0.015 �0.051*** 0.094*** �0.043***

2015 �0.074*** �0.003 0.077*** �0.059*** 0.111*** �0.052***

2016 �0.092*** 0.008 0.083*** �0.071*** 0.149*** �0.078***

Move_lga (did not move = ref.)

Moved across LGAs �0.024*** 0.019*** 0.005 �0.009*** 0.003 0.007***

Control variables:

State (NSW = ref.)

Vic �0.008 0.013** �0.005 �0.005*** �0.001 0.005***

Qld 0.041*** �0.057*** 0.016*** 0.023*** �0.027*** 0.004*
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In line with other studies (Colic-Peisker &
Tilbury, 2006; Hugo, 2014a), our findings reveal that
the successful resettlement of humanitarian migrants in
Australia depends on how well they can convert skills,

experience and educational qualifications acquired
overseas, to secure appropriate employment. Our anal-
ysis shows a relatively large proportion of humanitarian
migrants not in the labour force, a high representation

TAB LE 7 (Continued)

1. Regional 2. Metropolitan

(a) under-
educated

(b) skill-
matched

(c) over-
educated

(d) under-
educated

(e) skill-
matched

(f) over-
educated

Variables dy/dx dy/dx dy/dx dy/dx dy/dx dy/dx

SA �0.006 0.013 �0.007 0.005** �0.029*** 0.024***

WA 0.056*** �0.083*** 0.027*** 0.042*** �0.059*** 0.017***

Tas 0.006 0.051*** �0.057*** �0.005 0.024** �0.019*

NT 0.058*** �0.090*** 0.031** 0.070*** �0.108*** 0.038***

ACT �0.085 �0.064 0.149 �0.019*** 0.055*** �0.036***

IER (continuous) 0.003*** 0.004*** �0.007*** 0.005*** �0.004*** �0.002***

IEO (continuous) �0.012*** 0.013*** �0.002** �0.014*** 0.028*** �0.014***

Age (continuous) �0.006*** �0.026*** 0.032*** �0.011*** �0.015*** 0.027***

Gender (female = ref.)

Male 0.116*** �0.111*** �0.006 0.078*** �0.061*** �0.017***

Marital (never married = ref.)

Widowed �0.039 �0.027 0.066** 0.000 �0.017 0.017

Divorced 0.008 �0.029** 0.021** 0.024*** �0.021*** �0.003

Separated 0.018 �0.022 0.005 0.019*** �0.009 �0.010*

Married 0.003 �0.008 0.005 �0.003* �0.005* 0.008***

Family_comp (couple family, no children = ref.)

Couple family with
children

0.053*** 0.006 �0.059*** 0.044*** 0.015*** �0.059***

One-parent family 0.031*** 0.043*** �0.074*** 0.023*** 0.010** �0.033***

Other family or single �0.014** 0.050*** �0.036*** 0.012*** �0.013*** 0.001

Disability (none = ref.)

Family member
disabled

�0.007 0.024** �0.017 �0.010*** 0.012*** �0.002

English (speak English only = ref.)

Very well/well �0.073*** 0.030*** 0.042*** �0.076*** 0.006*** 0.070***

Not well/not at all 0.066*** 0.038*** �0.104*** 0.098*** �0.036*** �0.061***

Religion (Christian = ref.)

Secular �0.020*** 0.020*** 0.000 �0.012*** 0.019*** �0.007***

Other religion �0.042*** �0.001 0.043*** �0.019*** �0.024*** 0.043***

VoluntaryWk (not volunteer = ref.)

Volunteer �0.055*** 0.042*** 0.014*** �0.044*** 0.046*** �0.002

ChildCareNopay (not provided = ref.)

Care own child �0.040*** 0.023*** 0.016*** �0.035*** 0.013*** 0.023***

Care other 0.008 �0.026** 0.018 0.001 �0.019*** 0.018***

Care own and other �0.041** 0.021 0.02 �0.029*** �0.002 0.031***

Housing (owned outright = ref.)

Owned with mortgage 0.019*** �0.017** �0.001 0.006** �0.005 �0.001

Rented 0.040*** �0.071*** 0.031*** 0.030*** �0.085*** 0.055***

N 67,702 460,575

R 2 count (adjusted) 0.069 0.085

***p < 0.01, **p < 0.05, and *p < 0.1.
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of unemployed in the labour force and a low proportion
of those employed in jobs that matched their skill levels,
indeed considerably lower than for skilled migrants.
Many of them were actually under-qualified for the jobs
in which they engaged, whereas more than a quarter
were over-qualified at the time of the 2016 census. This
finding reinforces the point Hugo (2014b) made about
‘brain waste’ and its negative impact on the economy
and the migrants themselves.

It is uncertain whether success in migration is truly
to be assessed by whether one has a job or not, or a
job skill-aligned with experience, education, and ability
to speak English, or personal income attainments or
area of settlement. However, all these measures serve
as a starting point for more penetratingly qualitative
studies, capable of yielding fuller answers to questions
about who—among humanitarian migrants—wins,
loses, or is compromised in the Australian labour mar-
ket, and about the relative effects of metropolitan and
regional settlement. There is a need for further in-depth
studies on differences between refugee and special
humanitarian visa holders, and where they settle, noted
here, to establish how their diverse cultural back-
grounds, circumstances before settlement, and other
characteristics play a part in their successful economic
and social integration. Our analysis and dataset are
offered as valuable preliminaries, steering towards
insights for a more qualitative or sociological
understanding of the questions we have raised
(Boese, 2015).

5.2 | Limitations and suggestions for
future research

5.2.1 | Data and causality

A major limitation has been that we observed sample
participants on only one occasion, so we could not
track individuals to control for individual heterogeneity
(fixed effects) nor address temporal effects. Ours is,
therefore, an analysis of association but not of causa-
tion, although in several cases one can reasonably
infer causality; for example, English language ability is
(strongly) associated with the probability of being
employed and we suggest this is causal. After explor-
atory data analysis, our next move was to include a
suite of explanatory variables, including proxies for
unobserved heterogeneity such as Religion.

5.2.2 | Focus on humanitarian migrants

Although the data used in this study are comprehen-
sive, longitudinal census and linked administrative data
covering migrants’ differential access to social security,

health care, and education/training systems could use-
fully identify multi-scalar and multi-dimensional causal
factors, processes, and consequences for and of
humanitarian migrants’ employment prospects, the
extent of matching in their skills, and impact on earn-
ings. The Multi-Agency Data Integration Project
(MADIP) microdata resource that the ABS aims to pro-
duce is an example of a large-scale longitudinal dataset
that will integrate well with administrative data from
health care, education, centrelink and personal taxa-
tion. In addition, specialised surveys of humanitarian
migrants could deepen quantitative studies to improve
our understanding of how migrant history and adversity
(exacerbated by COVID-19), and their employment
experiences over the life course, influence their labour
market performance and skill use in Australia. Targeted
qualitative data collection in future research will enable
an analysis of mechanisms through which Australia’s
refugee and humanitarian migrants overcome adver-
sity, using multi-scalar (personal, community and insti-
tutional) and multi-dimensional (social, cultural,
economic and political) linkages of great value for the
design of migrant services to enhance employability
and use of skills.

5.2.3 | The dynamic and causes of
adversity for humanitarian migrants choosing
to find employment that uses their skills

Future efforts need to examine the mechanisms
underlying adversity, such as the frequency and
severity of adverse life events and employment
disadvantages connected with particular settlement
location; and intergenerational effects of parents or
intra-family effects of parental adversity on children’s
labour market outcomes. These prospective variables
were not captured by ACMID data but are significant
for development of sound public policy in Australia
and elsewhere.

5.2.4 | Skill transfer

Finally, we note that the difficulties in transferring skills
acquired in their place of origin to Australia are not just
a problem for humanitarian immigrants but are relevant
for all immigrants. Policymakers (and employers) have
the power to assist immigrants to quickly and success-
fully transfer their skills to suit Australian labour market
practices. It is not up to the humanitarian migrants
themselves to solve this problem but needs a new
approach with employers taking the lead in resolving
some differences in skills recognition and attitudes to
diverse skills among immigrant groups from a range of
countries.
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6 | CONCLUSION

Evidence presented here suggests that Australia’s
humanitarian settlers who are in the labour market are
more likely to have heightened risk of being in skill-
mismatched jobs; yet they are a valuable asset, with
untapped potential to fill gaps in metropolitan and
regional workforces. It seems that there is some risk for
migrants being under-qualified or over-qualified
for work in specific locations, others find a match with
their previous employment, education, and experience
and engage in suitable jobs—although considerably
less than do their skilled migrant counterparts. It is
important to note the differences between the compo-
nent visa categories in the humanitarian programme,
and their distinctive strong associations with labour
market outcomes and success—specifically those
granted refugee and others special humanitarian visas.
Several studies (Cheng, Wang, & Taksa, 2021; Cheng,
Wang, Jiang, et al., 2021; Hugo, 2011, 2014b) show
the extent to which diverse humanitarian settlers must
be able to negotiate the many structural, linguistic, and
cultural barriers that limit access to employment
commensurate with skills and education. Although inte-
gration into the labour force tends to improve over time,
it must be borne in mind, as Hugo (2014a, p. 880)
states, that:

Humanitarian settlers’ labour market experience con-
verges toward that of the Australian-born over time but
they experience greater difficulty than other migrant
groups in adjusting economically, socially and culturally.

Our analysis provides insights into differences in the
labour market experience of humanitarian settlers, their
employment, income, and skills-match, exacerbated or
enhanced by where they settle, compared with
migrants in the skilled programme. It is not surprising
that humanitarian visa holders initially experience less
labour market success given their diverse origins and
the wide range of skills, qualifications, cultures
and employability attributes they bring with them. On
the other hand, skilled visa holders, having conformed
to Australia’s relatively rigid employment and job
requirements, are more likely to have much better
labour market and settlement outcomes to match their
expectations, given that they are able to make consid-
ered decisions and choices. Nevertheless, it is useful to
compare and contrast labour market outcomes for
humanitarian and skilled migrants, ultimately towards
more informed policy choices founded on a better
appreciation of migrants’ capacity to contribute within
the skilled and semi-skilled labour markets. Generally,
the underuse of migrant skills, in both the humanitarian
and the skilled programmes, tends to be greater
for those who arrive with higher educational
qualifications—preventing them from reaching their full
potential. However, there were a significant number of

humanitarian migrants who had lower skills and educa-
tion than needed in the Australian labour force, but nev-
ertheless met a demand for unskilled and semi-skilled
workers, in both metropolitan and regional contexts.
Australia needs policies that open a variety of pathways
to integrate our diverse humanitarian migrants produc-
tively into their new communities—to ensure that they
achieve all that they are capable of and to give
Australia the best use of a considerable but underesti-
mated human resource.
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